Background

Factor Meta-Analysis

In response to the growing prevalence of cyberbullying — the deliberate use of online
digital media to communicate false, embarrassing, or hostile information about
another person —among teens, researchers from a range of disciplines — including
psychology and computer science — have been working to develop a better New Neighborhood ---% # days in a new neighborhood 0.10
understanding of how cyberbullying occurs, who is at increased risk, and what we
can do to prevent it. The efforts of psychologists have revolved primarily around
explanatory models that shed light on key predictors and outcomes of
cyberbullying, whereas the efforts of computer scientists have been directed
towards identification models that can detect cyberbullying using internet or social Gender Guo (2016) Applied if value is female 0.12
media content. There has been surprisingly little interdisciplinary research that
bridges the findings and developments from these disparate fields.
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nave in the calculation of the Bullying Rank, using the effect sizes indicated in social celf-esteem
science research as a guide.
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*Risk factor is included in current model on an exploratory basis to investigate correlation with

cyberbullying risk.
Vulnerability Factors (VF)
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